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Kinesis Video Stream in ABEJA Platform
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Frameworks & interfaces
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NVIDIA
Tesla V100 GPUs

AWS Deep Learning AMI

[l Microsoft

5,120 Tensor cores CNTK

128GB of memory

PYTHRCH
1 Petaflop of compute
+ Flow ] e
NVLink 2.0 toren
kY
~14X faster than P2 K Keras ./ GLUON
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Amazon SageMaker

Easily build, train, and deploy machine learning models
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Amazon SageMaker
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Amazon SageMaker
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AWS Deeplens
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Amazon Rekognition
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Amazon Rekognition
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Amazon Transcribe
Amazon Translate
Amazon Polly
Amazon Comprehend

Amazon Lex
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Amazon Transcribe
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Amazon Translate

« EBZEICEOW:-, ERELZEZEMBEIRRY —E X Amazon TranslateD 7L E 1 —%Fd
I8

e Polly % Lex EDEEIZKDZEEXIGEY—E ADEEMAIREIC
o N=UZTFAE, ANAF, ALTUTTLE 1 —%IRH

TOET7EE
th [E SR F
TS5 REE

KAVEE
RILEHILEE
ARAUEE

dws
~—



Amazon Translate

Tora E Walker ~ N, Virginia ~ Support ~

a\V_V,S‘ Services v Resource Groups ~ * JAY

Amazon Translate X Amazon Translate APl Explor

APl Explorer API Explorer

Translate text Switch Language Pair | | Translate

Source Language Target Language

French (fr) v English (en) v
Hotel Les Nuits est situé au coeur culturel et commercial Hotel Les Nuits is located in the cultural and

d'Anvers. La cathédrale, des musées et les théitres sont commercial heart of Antwerp. The cathedral, museums

a quelques pas. Les boutiques du Schuttershofstraat, la and theaters are just a few steps away, The shops of
créativité du Kammenstraat et les magasins au "Wilde Schuttershofstraat, the creativity of Kammenstraat

SNV e b A
v

253 characters and 268 of 1000 bytes used

Was this translation what you expected? Please leave us feedback
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Amazon Polly

Amazon Polly
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Amazon Comprehend

ARNENF=TFRAMIHLT, SESFLG D HEETR
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Social media posts, emails,
web pages, documents,
phone transcriptions

@

Comprehend

Automatically extract key phrases,
entities, sentiment, language, and
topics
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Extracted data and topics with
confidence scores
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Amazon Comprehend
ANENF-XBEOHH

team, 14] Hokkaido Nippon-Ham Fighters NG Lyilsll Friday RUlsd Ohtani f&:5 untﬂ@to

sign with a ETd N5 2] team.

recenty narmowed his It t tne Dodgers Y Giants Y Wariners)

The made headlines , not only by trading for All-Star ,

but by also netting an additional E3Ryl!%7] to their international bonus pool. The deal catapulted into
the top spot in terms of how much international bonus money they can offer , at $3 .557 million §

followed by the ers || $3.535 million [ELGE Angels [| $2.315 million |RzEETEE] E is not @

EtXl2). he is subject to international spending rules, so while he likely would've eamed a salary
on the open market, his bonus will be far smaller.

8986 of 1000 characters used

Language = Auto-Detect -

Detected language: English
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Amazon Comprehend

I TAT4DHE

~ Entity

This API returns the named entities ("Person”, "Organization”, “Locations", etc.) within the text you analyzed.

o sson

Japanese
.a. 0.85
Other Confidence

Filter = Show all categories

two-way star
4 ose
Quantity Confidence

Shohel Ohtani
O oo
Person Confidence

0.84

0.94

Nippon Professional ... Hokkaide Nippon-H... Friday

% 0.99+

Organization Confidence Organization Confidence Date Confidence
0.37 o099+ 0.76
Organization Confidence Date Confidence Event Confidence

F—IL—X D

~ Key phrases

This API returns key phrases and a confidence score to support that this is a key phrase.

List  JSON

Key phrase
the Hot Stove

all eyes

Japanese two-way star Shohei Ohtani
His Nippon Professional Baseball team
the Hokkaldo Nippon-Ham Fighters
Friday

Ohtani

Dec. 22

a Major League team

his list

seven teams

-

Count

-

Confidence

0.94

0.98

0.95

0.99

0.99

0.92

0.99

0.93

097

0.99

0.99
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Amazon Lex

BEOTXRANMERALT. BEOT IV T —2avITRH @B RA U3 —DJ 14 RARYNEEET
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@ DeliveryOrder @-----------

I'd like to order flowers.

What kind?

8 Home. o

© 2018, Amazon Web Services, Inc. or its Affiliates. All rights reserved.

" Data the user must provide to fulfill the intent

Intents
A particular goal that the user wants
to achieve

Utterances
Spoken or typed phrases that invoke
your intent

th your order of

to your home?

Slots

Prompts
Questions that ask the user to inputdata @

fully
Fulfillment ©
The business logic required to fulfill
the user’s intent

Your order went through
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APPLICATION SERVICES
Rekognition Transcribe Translate Polly Comprehend
PLATFORM SERVICES

Amazon SageMaker AWS DeeplLens

FRAMEWORKS & INTERFACES
AWS Deep Learning AMIs

Apache Tensor
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AWS Greengrass ML Inference
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Machine Learning @Edge
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FEEAETILOTITAA

— I — _ s Machine learning resource configuration

(Z77aA

Machine learning resource

Machine learning resources can be used with Greengrass Lambdas to access trained
models while offline.

o (BT )—RX I ELTEEEH
ET)L% Greengrass 7 IL—T(Z8
7][] 'G% é Name this resource

« SFREL=ETILH Greengrass T/\ Objectiscasniton

ARIZFTAMENB Model source

From 53

* Greengrass A2 —)LH b Amazon @ Fromataiingjob

SageMaker DFEEFAHETILETE Model

l:rE -G%é object_recognition_training -
« MEDETILEEMTES (MXNet | oblectrecagntion_tralning

TED ML IL—LT—DI124&EFEL T

YA

/var/models
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~t mxnet as mx

*Enﬂﬁé’f-fj Lambda 0)53 15“%?/?1 _m-ar' picamera

® ﬁ%‘jﬁﬁ%?)[/@mu 077"

s O—HITEREINET—E2EET L Files p i o
)L's]ﬁmbt?&- _PPE'FL(T .itf’"all"lE‘dTmodels,.

params_file = _prefix+"-00080. params”

*E %‘i%( rLT\L,f_77“/E| symbol_file = _prefix+"-symbol.json"
sym, arg_params, aux_params = mx.model.load_checkpoint(_prefix, @)

mod = mx.mod.Module(symbol=sym, label names=label names, context=context)

mod.bind(for_training=False, data_shapes= input_shapes)

mod.set_params(arg_params, aux_params)

mod . forward(Batch([mx.nd.array(img)]))
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Amazon Kinesis Video Streams
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Amazon Kinesis Video Streams Concepts
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ﬂ Illﬁ ﬁ% @toshitanian

ABEJA, Inc.
Platform Division
Software Engineer

.+ BIE1FEDABEAIZSHE
» Backend Engineer

* Development on AWS
* IoT Device

* Container

* Edge Computing

Copyright © 2018 ABEJA, Inc. All rights reserved.



Machine Learning Process

Copyright © 2018 ABEJA, Inc. All rights reserved.



Machine Learning Process + System
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Copyright © 2018 ABEJA, Inc. All rights reserved.
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ABEJA Platform is built with
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kubernetes
Amazon EC2 AWS Lambda Amazon ECS AWS Batch
di .
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Amazon Amazon Amazon Kinesis AWS IoT DATADOG

S3 DynamoDB

Copyright © 2018 ABEJA, Inc. All rights reserved.
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bird sheep horse crocodile

building cherryblossoms car train
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Copyright © 2018 ABEJA, Inc. All rights reserved.
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Training
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Loss
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Complementary Services

DATA LAKE STORAGE
Amazon S3

SECURITY

Access Control Amazon Macie
Encryption AWS Organizations

COMPUTE
Powerful GPU and CPU Instances

ANALYTICS

Amazon Athena

Amazon Redshift and Redshift Spectrum
Amazon EMR

(Spark, Hive, Presto, Pig)

AWS Glue

Amazon Kinesis

Amazon QuickSight
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Complementary Services

DATA LAKE STORAGE
Amazon S3

SECURITY

Access Control Amazon Macie
Encryption AWS Organizations

COMPUTE
Powerful GPU and CPU Instances

ANALYTICS

Amazon Athena

Amazon Redshift and Redshift Spectrum
Amazon EMR

(Spark, Hive, Presto, Pig)

AWS Glue

Amazon Kinesis

Amazon QuickSight
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AWS ML Platform

APPLICATION SERVICES

Amazon Lex Amazon Transcribe
Amazon Polly Amazon Rekognition Image
Amazon Comprehend Amazon Rekognition Video
Amazon Translate

PLATFORM SERVICES
Amazon SageMaker AWS DeeplLens

FRAMEWORKS AND INTERFACES
AWS Deep Learning AMI
Apache MXNet
Caffe2
CNTK
PyTorch
TensorFlow
Theano
Torch

Gluon
Keras
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Complementary Services AWS ML Platform AWS ML Customers
DATA LAKE STORAGE APPLICATION SERVICES
Amazon S3 Amazon Lex Amazon Transcribe ' T
Amazon Polly Amazon Rekognition Image -
SECURITY Amazon Comprehend Amazon Rekognition Video
Access Control Amazon Macie Amazon Translate
Encryption AWS Organizations PLATEFORM SERVICES
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